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An Unsupervised Topic and Sentiment Unification Model

SUN Yan, ZHOU Xueguang, FU Wei

(Electronics Engineering College, Naval University of Engineering, Wuhan 430033, China)

Abstract: An unsupervised topic and sentiment unification model, UTSU model for short, is
proposed based on the LDA-Col model. Unlike the ASUM model and the JST model that sample
sentiments and topics from the same plate, the UTSU model imposes the constraint that all
words in a sentence are generated from one sentiment and each word in the sentence is generated
from one topic. The constraint accords with the sentiment expression of language and will not
limit the topic relation of words. The experiments of sentiment classification show that the result
of the UTSU model is close to the results of supervised classification methods and outperforms
other topic and sentiment unification models. Comparisons with the ASUM and JST models show
that the UTSU model improves the F1 value of sentiment classification by about 3% and 17%,
respectively.
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